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LMP Detection in ITD Noise

(To fill in yet.)
Deterministic Signals in Gaussian Noise

e Model:
HQI YVkZNk—I—SOk 1§/€§n
Vs.
H: Yo=Ny,+six: 1<k<n
where:

— sg9 and s7 are known n X 1 deterministic vectors

— N ~ N(0, ) is a zero mean Gaussian noise of dimension n x 1.

e Likelihood ratio is

CAREI
(QW)né'E'l/Z eXp{ (y o SO)TE_l(y o 80>}

. {(31 _ 5g)Ty! (y S0 ;r 81)}

. exp{—3(y —1)' 57 (y — s1
Liy) = p{_?(y ) (y )}

DT Signal Detection 11



for y € R".

e Detector structure is the same as for the 1.i.d. noise case since the

decision rule is of the form ETg
o(y) =17 (slmy = 7

where 7 is picked either to satisfy a false alarm constraint or via the
Bayes formulation?.

o If define pseudo signal 51, via § = L 1(s; — sg) then have same corre-
lator as in 1.i.d. case (but for a modified signal).

2For Bayes 1 would be chosen

mo(c10 — Co0) Tl <51+80)
=lo + (81— 8g) 2 .
7 & {Wl(cm *011)} (51 = %0) 2
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